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ABSTRACT

Fuel efficiency is a crucial factor in the automotive industry because it directly influences fuel cost, vehicle performance, and environmental
impact. With the increasing demand for energy-efficient transportation and growing concerns about carbon emissions, predicting fuel efficiency
accurately has become important. This paper proposes a Smart Fuel Efficiency Estimation and Performance Optimization system that uses
machine learning techniques to estimate vehicle fuel consumption based on various engine and operational parameters. The system analyzes
parameters such as engine size, number of cylinders, transmission type, fuel type, vehicle class, and CO, rating to estimate fuel efficiency. A
dataset representing different vehicle configurations is processed using data preprocessing techniques including encoding and feature scaling. A
Linear Regression machine learning model is trained to learn the relationship between vehicle parameters and fuel consumption. The trained
model is integrated with a web-based interface developed using Streamlit that allows users to input vehicle specifications and obtain instant
fuel efficiency predictions. The model performance is evaluated using Mean Squared Error (MSE) and R-squared (R?) metrics. Experimental
results show that the proposed system provides reliable predictions and helps users understand how different vehicle parameters influence fuel
efficiency. The system demonstrates the effectiveness of machine learning in analyzing vehicle performance and supporting efficient fuel
consumption management.
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1. INTRODUCTION

The global transportation sector has experienced rapid growth over the past few decades, leading to a significant increase in fuel
consumption and environmental pollution. As the number of vehicles continues to rise, improving fuel efficiency has become an
important challenge for both automobile manufacturers and environmental researchers. Fuel efficiency depends on multiple factors
including engine specifications, vehicle weight, driving speed, fuel type, and transmission systems. These factors interact with each
other in complex ways, making it difficult to estimate fuel consumption accurately using traditional methods. Traditional fuel efficiency
estimation methods rely on standardized laboratory tests conducted by automobile manufacturers. Although these tests provide general
mileage ratings, they often fail to represent real-world driving conditions where parameters such as load, speed variation, and engine
performance differ significantly.

Recent advancements in machine learning and data analytics have created opportunities to develop intelligent systems capable of
analyzing large amounts of vehicle data and predicting fuel consumption more accurately. Machine learning algorithms can identify
patterns in data and learn relationships between vehicle parameters and fuel efficiency. This research proposes a Smart Fuel Efficiency
Estimation and Performance Optimization system that uses machine learning techniques to analyze vehicle specifications and predict
fuel consumption. The system also provides an interactive interface where users can input vehicle details and obtain instant predictions.
The proposed system aims to improve understanding of fuel consumption patterns and support efficient vehicle performance analysis.

2. LITERATURE REVIEW

Several studies have explored the use of machine learning techniques for predicting fuel consumption and vehicle performance. Previous
research has applied regression models to estimate fuel efficiency based on engine parameters and vehicle specifications. Linear
regression and multiple regression techniques have been widely used due to their simplicity and effectiveness in modeling relationships
between variables. Other studies have explored advanced machine learning algorithms such as Random Forest, Support Vector
Machines, and Neural Networks to improve prediction accuracy because these models can capture nonlinear relationships between
vehicle parameters and fuel consumption.

Some research has also focused on analyzing driving behavior and real-time vehicle data using Internet of Things technologies. These
systems collect sensor data from vehicles and apply machine learning algorithms to estimate fuel efficiency dynamically. Despite these
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advancements, many existing systems lack a simple and user-friendly interface that allows users to interact with prediction models
easily. The proposed system addresses this limitation by integrating a machine learning model with a web-based interface that enables
users to input vehicle specifications and receive real-time fuel efficiency predictions.

3. PROPOSED SYSTEM ARCHITECTURE

The proposed system architecture consists of three major layers that work together to provide fuel efficiency prediction. The first layer
is the user interface layer, which is developed using the Streamlit framework. This interface allows users to input vehicle parameters
such as vehicle class, engine size, number of cylinders, transmission type, CO: rating, and fuel type.

The second layer is the data processing layer, which is responsible for converting user inputs into a format suitable for machine learning
prediction. Categorical inputs are transformed into numerical representations using encoding techniques, and the processed data is scaled
using a trained scaler to maintain consistency with the training dataset.

The final layer is the prediction layer, which uses a trained Linear Regression model to estimate vehicle fuel consumption. Once the
input data is processed, the model predicts the fuel efficiency and sends the result back to the user interface where it is displayed instantly.
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Fig 1: System Architecture Diagram
4. METHODOLOGY
The methodology of the proposed system involves several stages including data collection, preprocessing, model training, evaluation,
and system integration. Initially, a dataset containing vehicle specifications and fuel consumption values is collected or generated. The
dataset then undergoes preprocessing to prepare it for machine learning analysis. During preprocessing, categorical features such as
vehicle class, fuel type, and transmission type are converted into numerical representations using encoding techniques. Feature scaling
is also applied to normalize the data and improve model performance.

After preprocessing, the dataset is used to train a Linear Regression model that learns the relationship between vehicle parameters and

fuel consumption. The trained model is then evaluated using performance metrics to determine its accuracy. Finally, the trained model
is saved using the Pickle library and integrated into a Streamlit web application that allows users to perform real-time predictions.
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5. SOFTWARE DESIGN

The software system is implemented using Python along with several supporting libraries that facilitate data processing, machine
learning, and user interface development. Python serves as the primary programming language for implementing the entire system.
Libraries such as NumPy and Pandas are used for numerical computations and dataset manipulation. The Scikit-learn library is used to
implement the Linear Regression algorithm and evaluate model performance. The trained model is stored using the Pickle library so
that it can be reused for predictions without retraining.

For the user interface, the Streamlit framework is used to build an interactive web application that allows users to input vehicle
specifications and view predicted fuel efficiency results in real time.

6. INPUT DESIGN
The system accepts various vehicle parameters as input in order to perform fuel efficiency prediction. These parameters include vehicle
class, engine size, number of cylinders, transmission type, CO: rating, and fuel type. The input values are collected through dropdown
menus and numerical input fields provided in the Streamlit web interface. The interface is designed to be simple and user-friendly so
that users can easily enter the required vehicle specifications.
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Figure 1 :Input Interface
7. OUTPUT DESIGN
The system generates predicted fuel consumption as its primary output. The predicted fuel consumption value is expressed in liters per
100 kilometers. In addition to the numerical prediction, the system also categorizes the fuel efficiency into different levels such as highly
efficient, moderate efficiency, and low efficiency. These results are displayed instantly on the web interface, allowing users to understand
how the provided vehicle parameters influence overall fuel efficiency.

£ 2026 EPRAIJRD | Journal DOI: https;/doi.org/10.36713/epra2016 | https;/eprajournals.com/ |402 |



A
AN

SJIF Impact Factor (2026): 8.863| ISI L.F. Value: 1.241| Journal DOI: 10.36713 /epra2016 ISSN: 2455-7838(0nline)
EPRA International Journal of Research and Development (IJRD)

Volume: 11 | Issue: 3 | March 2026 - Peer Reviewed Journal

Fuel Consumption

11.01 L /100 km

Efficiency Level: €% Low Efficiency (High Consumption)

Figure 2 :Prediction Result
8. MACHINE LEARNING MODEL
The proposed system uses the Linear Regression algorithm to predict vehicle fuel efficiency. Linear Regression is a supervised learning
algorithm that models the relationship between independent variables and a dependent variable. In this study, vehicle specifications
serve as independent variables, while fuel consumption acts as the dependent variable.
The dataset is divided into training and testing sets using an 80:20 ratio. The model learns coefficients for each feature during the training
process and uses these coefficients to predict fuel efficiency for new input values provided by the user.
Algorithm Performance Metrics - Linear Regression
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Figure 3:Algorithm Performance Metrics
9. RESULTS AND DISCUSSION
The developed system successfully predicts vehicle fuel efficiency based on the provided input parameters. The performance of the
prediction model was evaluated using standard regression evaluation metrics such as Mean Squared Error, Root Mean Squared Error,
and the R-squared score. The evaluation results indicate that the model achieved a Mean Squared Error value of 3.42, a Root Mean
Squared Error of 1.85, and an R-squared score of 0.87.

These results demonstrate that the model achieves a good level of prediction accuracy. The analysis also shows that vehicles with larger

engines, a higher number of cylinders, and heavier configurations tend to exhibit lower fuel efficiency, which aligns with general
automotive engineering principles.
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10. CONCLUSION

This research presented a Smart Fuel Efficiency Estimation and Performance Optimization system that uses machine learning techniques
to predict vehicle fuel consumption. The system analyzes multiple vehicle parameters and estimates fuel efficiency using a Linear
Regression model. The implementation demonstrates how machine learning can be applied to analyze vehicle performance and provide
real-time fuel consumption predictions through an interactive web application. The results indicate that the proposed system provides
reliable predictions and helps users understand how different vehicle specifications influence fuel efficiency.

11. FUTURE WORK

Future improvements to the system may include using real-world automotive datasets to enhance prediction accuracy, implementing
advanced machine learning algorithms such as Random Forest and Neural Networks, integrating loT-based vehicle sensor data for real-
time analysis, developing a mobile application interface, and adding additional features such as fuel cost estimation and route
optimization to further enhance the usefulness of the system.
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